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Abstract - The impact of artificial intelligence on product and service development across various sectors, including
businesses and organizations, is transformative. Extensive studies have demonstrated the versatility of Al technology in
improving numerous aspects of daily life, leading to its widespread adoption across industries. With countless applications, Al
integration has become indispensable, particularly in enhancing security measures and mitigating risks amid the escalating
frequency and sophistication of cyberattacks. This paper provides a comprehensive review of existing literature on the diverse
applications of Al in cybersecurity, spanning from malware analysis and threat detection to access control and authentication
mechanisms. The field of cybersecurity has expanded as a result of efforts to safeguard the information that is now available,
and Al is thought to have a significant impact on cybersecurity overall. Machine learning has been heavily influenced by this

factor in contemporary cybersecurity-supporting technologies. In addition to reviewing the literature, the study report looks at

artificial intelligence's overall effects and challenges in cybersecurity.
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1. Introduction

The emergence of artificial intelligence can be attributed
to the endeavor to create a structure that could function
without the aid of a human brain[1]. Further research on the
subject was carried out as a result of the discovery [2].
Organizations invested large sums of money to guarantee the
success of these studies. The entire history of artificial
intelligence demonstrates how far the field has advanced.

Cybersecurity has been one of the industries where
artificial intelligence has proved to be beneficial.
Cybersecurity refers to the efforts taken to protect computers
and other devices from cyberattacks. These attacks are
primarily carried out online. Organizations constantly lose
many resources as a result of these assaults.

The growth of digital infrastructures and networked
systems has increased the attack surface for cyber attackers,
requiring creative solutions to protect sensitive data and
important assets. The incorporation of Al technology has
surfaced as a promising model for augmenting cybersecurity
capabilities in response to this dynamic threat landscape[1].
By harnessing Al methods like natural language processing,
machine learning, and deep learning, organizations can
bolster their existing security protocols and preemptively
tackle evolving threats. This literature review aims to

comprehensively summarize the accumulated knowledge
regarding the integration of Al into cybersecurity,
highlighting key advancements, challenges, and future
directions in this rapidly evolving field[2][3].

2. Methodology

The first step in thinking about how Al may be used in
cybersecurity is to think about the types of data that the
entity collects and the data that comes from assets in a
network or any system that these components may interact
with to obtain personal data [12]. Customer and network
access data can be used to determine patterns of individual
behavior. Hackers looking to penetrate corporate,
government, or nonprofit third-sector databases find the latter
to be especially beneficial [A13]. For instance, hackers are
more frequently using samples of customer records that have
had sensitive information accessed to demonstrate the
validity of their exploits [1][4]. If the ransom is not paid, the
entire data set is subsequently posted to the dark web.

The progress of digital defense systems reaches a key
point with the integration of Artificial Intelligence (Al) in
cybersecurity. The environment that this progress provides is
complex, with the potential applications of Al being as great
as the challenges. Artificial Intelligence (Al) in cybersecurity
is not just a technological achievement; rather, it is a
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paradigm shift that is rewriting the norms of cyberwarfare
and digital security[4]. Al technology is expected to play an
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even more significant role in cybersecurity as it develops. It

Table 1. Existing research papers

is anticipated that future Al systems will be more complex
and able to detect threats with even greater sophistication.
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3. Literature Review

In order to perform this literature review, a
comprehensive search was carried out utilizing terms like
"Artificial  Intelligence,”  "Cybersecurity,”  "Machine

Learning,” "Deep Learning,” and "Security Analytics"
throughout academic databases, including IEEE Xplore and
Google Scholar. Novels, technical reports, conference
papers, and peer-reviewed journals released between 2010
and 2024 were all taken into consideration for this
review[1][2][3]. The selected literature was analyzed and
synthesized to identify common themes, trends, and gaps in
the existing research landscape. Table 1 below gives the
methodology, advantages and limitations of existing papers.

4. Relationship Between Artificial Intelligence
and Cybersecurity:

One of the most advanced technologies in the current
world is Artificial Intelligence (Al). Every goal and desire of
the machine has been refined by technology. Man's desire to
build devices that do faultless calculations and allow for
limitless activity execution is unquenchable. Beyond most
human  comprehension,  Artificial Intelligence  (Al)
technology is among man's greatest inventions. Every
company using technology claims to have increased
efficiency and quality of service [5]. One of the problems
facing the modern world is the rise in cybercrimes, which Al
technology has helped to ensure has decreased [4].

Acrtificial Intelligence (Al) has emerged as a highly
impactful technology for bolstering data security measures
and safeguards. Given the critical importance of data security
to corporate entities, implementing robust protection
mechanisms is imperative. Through various data encryption
protocols, Al systems can facilitate strong encryption and
effectively safeguard associated data. These encryption
protocols play a significant role in shaping technological
advancements within the cybersecurity domain.

The ability of Al to evaluate massive amounts of data is
its primary benefit in cybersecurity. This was done using
manual human analysis before, This characteristic underwent
a substantial alteration following the discovery of Al
technology. Al can analyze large amounts of data without
error. Because they are able to use Al technologies, human
analysts are also effective at detection [2][3]. The systems
and analysts work together to make sure that all of the
accessible data has been examined and contrasted.

4.1. Threat Detection and Prevention

In today's linked digital ecosystem, the evolution of
cyber threats has reached new levels of sophistication,
offering major difficulties to conventional cybersecurity
measures[1]. Artificial intelligence (Al) integration is
becoming increasingly important as the frequency and
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complexity —of cyberattacks rise. It provides a
transformational way to strengthen defenses against new
cyber threats.

Al Applications in Cybersecurity

Threat Detection and Prevention

Authentication and Access Control

Identification of Network Intrusions

Malware Detection and Analysis

Management of vulnerabilities

Fig. 1 Application of Al in cybersecurity

By examining patterns and behaviors, Al Sentry can
anticipate possible zero-day threats and build protections
against them. Reducing Human Dependency: By
automatically detecting, assessing, and mitigating threats, Al
lessens the need for human supervision and intervention. In
urgent situations, this automation expedites response times
and frees up human resources[5][6]. Ongoing Learning and
Improvement: Its capacity to learn from fresh data and
feedback loops allows for ongoing improvement. Al Sentry
improves and refines its models based on continuous
learning, guaranteeing that it is effective against the most
recent cyber attacks.[6][7]

Al-powered Intrusion Detection Systems (IDS) and
Intrusion Prevention Systems (IPS) utilize machine learning
algorithms to identify anomalous behavior and potential
security breaches in network traffic. These systems analyze
patterns and anomalies in real-time, enabling rapid response
and mitigation of cyber threats.

Machine learning techniques are used by Al-powered
Intrusion Prevention Systems (IPS) and Intrusion Detection
Systems (IDS) to detect unusual activity and possible
security breaches in network traffic. These systems enable
quick response and cyber threat mitigation by analyzing
patterns and anomalies in real-time.[1][2]

Network segmentation: To prevent attackers from
moving laterally, divide the network into segments. This
entails dividing up areas with distinct security settings
according to access needs in order to confine and lessen the
impact of a compromise.
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Risk assessment and vulnerability —management:
Continually scan the IT environment for vulnerabilities, then
rank the severity of each fix according to the likelihood of
exploitation and possible damage. Vulnerability scanning,
penetration testing, and patch management are key
components.

Cyber Resilience and Disaster Recovery Planning: To
guarantee business continuity in the case of a successful
cyberattack, create a thorough incident response and disaster
recovery strategy. Test and revise these plans frequently in
order to adjust for new dangers[2]. By integrating these
techniques and continuously adjusting to the shifting threat
landscape, firms may optimize their security operations and
enhance their overall cyber defenses.

4.2. Malware Detection and Analysis

Since malware is always evolving and becoming more
diverse, it poses a serious threat to current systems. Because
of this, new security measures must be developed because
they are unable to match the creativity and expertise of
cybercriminals [4][7]. Additionally, artificial intelligence is
developing quickly, and its advancements enable notable
outcomes in a wide range of application areas. The progress
made in Al disciplines holds significance for crafting robust
anti-malware systems capable of surpassing the constraints
of existing prevention technologies. This segment delves into
the outcomes and possible drawbacks associated with
utilizing artificial intelligence in malware detection methods.

Malicious software is being identified through
concurrent malware detection algorithms, with improving
existing limitations being crucial for enhancing the efficacy
of these detection techniques. Dynamic approaches are
necessary to expedite malware feature analysis while
employing advanced methodologies is essential for
identifying harmful activities. To effectively counter
sophisticated malware threats, integrating greater artificial
intelligence technology into the design and implementation
of malware detection and prevention systems is imperative.

Malware is detected, classified, and analyzed using Al
approaches, including supervised and unsupervised learning.
Acrtificial intelligence-based malware detection systems may
accurately identify known and zero-day threats by utilizing
large-scale datasets and feature extraction techniques.[2][8]

4.3. Authentication and Access Control

For businesses, data authentication is a crucial first line
of defense. However, the conventional password-based
authentication method still has a flaw. This is due to users'
well-known use of improper passwords. Businesses may
protect themselves from password spray and social
engineering attempts and prevent hackers using stolen
credentials from ever accessing the account by implementing

64

extra factors in addition to the password—or, better still, in
substitute of the password. A security question, a one-time
password, or reacting to a push message on the phone are
examples of extra factors.[1][2]

By authenticating users and identifying questionable
activity, Al-driven authentication techniques such as
biometric recognition and behavioral analytics improve
security posture. Sophisticated artificial intelligence systems
adjust to changing user behavior and reduce the possibility of
illegal entry. Authentication on the basis of risk: Using extra
elements to verify if the user is who they claim to be is
possible with risk-based authentication. This is accomplished
by comparing the user's previous login behavior to the
current authentication attempt, which fills in the context that
regular multi-factor authentication lacks.

4.4. Identification of Network Intrusions

One of the most common forms of aggression in cyber
security is network attacks. The networks that the businesses
or organizations employ are used for the raids. The detection
of network threats is always crucial. The system has the
advantage of preventing online attacks because of this
reason. This feature has been made incredibly simple using
Al. Al-enabled network firewalls have also been proven to
be incredibly effective. It is not easy to access the network
without the required authorization. The first line of defense
for the information is to prevent online attacks. So far, this
strategy has shown to be quite effective in stopping similar
attempts. To provide optimal security, the networks also
incorporate the criteria mentioned above.[10][11]

Security analytics platforms driven by Al consolidate
and scrutinize extensive security datasets to discern patterns,
trends, and emergent risks. Leveraging Natural Language
Processing (NLP) methodologies, these platforms extract and
decipher threat intelligence from unstructured outlets like
textual documents and social media streams.

4.5. Management of Vulnerabilities

Organizations continue to face risks on a regular basis.
Nowadays, it is becoming exhausting to manage these issues.
This reason necessitated the implementation of Al algorithms
to control recorded exposures. Vulnerability management
involves Al machines identifying and addressing potential
vulnerabilities in an organization's systems. This aspect
makes it difficult for hackers to get access to systems. One
benefit of Al's impact on cyber security is vulnerability
management. Global spending on cybersecurity is increasing,
according to IBM research on Al in cybersecurity market
dynamics that considers all published vulnerabilities
[11][12][13].

Automated Vulnerability Detection: Al algorithms can
automatically find potential vulnerabilities by analyzing
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massive volumes of data from many sources, such as system
logs, network traffic, and vulnerability databases. Machine
learning techniques, such as anomaly detection and pattern
recognition, let Al systems detect deviations from typical
behavior and potential security flaws. Al-powered
vulnerability scanners can detect and prioritize vulnerabilities
for remediation by constantly monitoring and analyzing
system activity[13].

Adaptive  Remediation  Strategies:  Al-powered
vulnerability management platforms may make adaptive
remediation recommendations based on  contextual
information like system configurations, patch availability,
and corporate regulations. By interacting with patch
management systems and security orchestration tools, Al
systems may automate remediation operations and
dynamically alter mitigation tactics in response to shifting
threat environments. Adaptive remediation solutions allow
businesses to fix vulnerabilities quickly and efficiently while
reducing disturbance to business operations[12].

Continuous Monitoring and Feedback Loop: Al-
powered vulnerability management solutions provide
continuous monitoring of systems and networks, detecting
new vulnerabilities and developing threats in real-time. By
examining past data and user comments, Al systems can
fine-tune their detection algorithms and enhance
vulnerability identification accuracy over time. Continuous
monitoring allows businesses to keep a current picture of
their security posture and respond quickly to new
vulnerabilities as they arise.[8][9]

Threat Intelligence Integration: Al algorithms may
consume and evaluate threat information feeds from a variety
of sources, including open-source intelligence, dark web
monitoring, and security research reports, in order to detect
developing threats and correlate them to existing
vulnerabilities. By merging vulnerability data with threat
intelligence insights, Al-powered vulnerability management
platforms may provide businesses with contextualized risk
assessments and actionable suggestions for proactive threat
mitigation. This allows firms to keep ahead of emerging

dangers and prioritize remediation activities
accordingly.[1][2]

5. Challenges

5.1. Artificial Intelligence’'s  Potential Ethical

Repercussions for Cybersecurity

The integration of Al into cybersecurity prompts
concerns regarding automated decision-making processes,
where algorithms independently detect and address security
threats. Ethical considerations emerge regarding the
accountability and transparency of these decisions, especially
when they impact individuals directly.
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5.1.1. Rights and Freedom

Al weaponization raises ethical difficulties, particularly
in cyber warfare and offensive operations. The use of Al-
powered cyber weapons raises ethical concerns and the risk
of unexpected outcomes or unintentional damage.

5.1.2. Surveillance and Privacy

Al-driven cybersecurity tools, like intrusion detection
systems and network monitoring utilities, might infringe
upon individuals' privacy by gathering and assessing their
online behavior without explicit consent. Ethical dilemmas
arise regarding the trade-off between security imperatives
and individuals' rights to privacy, necessitating a delicate
equilibrium in mass surveillance and data collection
practices.

5.1.3. Bias and Fairness

Al models trained on biased datasets might reinforce
existing biases, resulting in unfair or discriminating outputs.
Biases in training data, including historical inequities,
cultural prejudices, and sample biases, can lead to Al
systems making biased predictions or judgments that
disproportionately affect specific groups or individuals

[1][2][8]-

Ensuring unbiased data and model development is
crucial for developing fair and ethical artificial intelligence in
cybersecurity.

To reduce bias in training data, organizations should
preprocess it, detect prejudice, and test algorithms for
fairness. Promoting diversity and inclusivity in dataset
gathering and model training can lead to more egalitarian and
unbiased Al systems for decision-making.

6. Future Directions and Opportunities
6.1. Emerging Trends in Al-Driven Cybersecurity
6.1.1. Advancements in Adversarial Machine Learning
Adversarial machine learning has arisen as an important
subject of cybersecurity research, addressing Al algorithms'
vulnerability to targeted attacks. These attacks exploit the
vulnerabilities present in machine learning models by
manipulating input data to produce outcomes that are either
inaccurate or unforeseen. As Al systems grow more
integrated into numerous sectors, from banking to healthcare,
maintaining their resilience to adversarial attacks becomes
critical. Researchers are continuously studying measures to
improve the robustness of these algorithms, including
adversarial training, robust optimization, and detection
methods to reduce the impact of potential threats. The goal of
designing defenses that can predict and withstand adversarial
manipulation is to improve the trustworthiness and reliability
of Al systems in real-world applications.
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6.1.2. Rise of Zero Trust Security

The advent of zero trust security architectures represents
a paradigm shift in cybersecurity strategy, moving away
from traditional perimeter-based defense and toward a more
dynamic and granular approach. With the complexity of
cyber threats increasing and insider attacks becoming more
common, enterprises realize the limitations of perimeter
defenses alone. Zero trust security challenges the concept of
implicit confidence in networks by requiring verification of
every person and device attempting to access resources,
regardless of location or network environment. Al
technologies play an important role in implementing zero
trust principles by allowing for continuous monitoring and
analysis of user and device actions. Al can spot anomalies
and suspicious activity in real-time using advanced machine
learning algorithms, allowing enterprises to respond quickly
to possible risks.

6.2. Opportunities for Further Research and Development
6.2.1. Advancing Explainable Al:

Developing explainable Al is a critical step in improving
the effectiveness and trustworthiness of Al-powered
cybersecurity systems. In an era where Al plays an
increasingly important role in danger identification and
response, the capacity to understand and interpret Al
judgments becomes critical. Explainable Al strategies seek to
demystify the black-box nature of complicated algorithms by
providing insights into how Al models reach decisions. By
explaining the fundamental rationale behind Al-driven
decisions in accessible words, these strategies enable security
experts and stakeholders to assess the dependability and
validity of Al outputs more effectively. Furthermore,
explainable Al promotes accountability and transparency,
allowing enterprises to meet regulatory requirements and
ethical norms while using Al technologies for cybersecurity.
Continued research in this field promises to improve not only
the interpretability of Al systems but also their overall
trustworthiness and adoption in the cybersecurity arena.

6.2.2. Exploring Privacy-Preserving Al

Investigating privacy-preserving Al is a critical step
toward balancing the benefits of Al-driven developments
with the protection of individuals' privacy rights. As
enterprises increasingly rely on Al algorithms to analyze
massive volumes of data for cybersecurity purposes, worries
regarding data privacy and compliance with rules such as
GDPR and CCPA grow. Privacy-preserving Al approaches

References

seek to address these concerns by allowing calculations on
encrypted or anonymized data, protecting sensitive
information while obtaining valuable insights. By
incorporating techniques like homomorphic encryption,
federated learning, and differential privacy into Al-driven
security measures, researchers may ensure that data remains
private throughout the analysis process, even when shared or
processed across dispersed environments. This not only
protects individuals' private rights but also builds trust and
regulatory compliance, allowing for the appropriate and
ethical use of Al technology in cybersecurity scenarios.
Continued research and innovation in privacy-preserving Al
has the potential to transform the landscape of data-driven
security procedures, allowing enterprises to gain the benefits
of Al while adhering to the highest privacy standards.[7][8]

7. Conclusion

In summary, there is significant potential for enhancing
threat detection, responding to incidents, and mitigating risks
by integrating artificial intelligence into cybersecurity
practices. Through the utilization of Al techniques such as
deep learning and machine learning, enterprises may
strengthen their security measures and adjust to the always-
changing threats. To fully realize the benefits of Al in
cybersecurity, it is still imperative to overcome the
implementation problems, such as algorithmic transparency
and ethical considerations.

Integrating artificial intelligence into cybersecurity
presents a multifaceted situation where Al acts as both a
valuable asset and a potential risk factor. While Al improves
protection mechanisms and increases cybersecurity
effectiveness, it also creates new weaknesses for hackers to
exploit. Organizations must take a balanced approach,
acknowledging the dual nature of Al in cybersecurity and the
necessity for ongoing adaptation to evolving cyber threats.
Ethical considerations, such as flaws in Al algorithms and
the dangers of over-reliance on Al, highlight the significance
of retaining human expertise alongside automation. The
empirical evidence supporting Al's efficacy in reducing
response times, boosting threat detection accuracy, and
optimizing resource allocation demonstrates Al's substantial
impact on cybersecurity. Moving forward, a proactive
approach that blends Al's strengths with human-driven
methods will be required to build resilient and flexible
cybersecurity infrastructures capable of effectively
mitigating evolving cyber threats.

Research Directions,” Information Fusion, vol. 97, pp. 1-29, 2023. [CrossRef] [Google Scholar] [Publisher Link]
[2] Meraj Farheen Ansari et al., “The Impact and Limitations of Artificial Intelligence in Cybersecurity: A Literature Review,”
International Journal of Advanced Research in Computer and Communication Engineering, vol. 11, no. 9, pp. 81-90, 2022. [CrossRef]

[Google Scholar] [Publisher Link]

66


https://doi.org/10.1016/j.inffus.2023.101804
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=Artificial+Intelligence+for+Cybersecurity%3A+Literature+Review+and+Future+Research+Directions&btnG=
https://www.sciencedirect.com/science/article/pii/S1566253523001136?via%3Dihub
https://doi.org/10.17148/IJARCCE.2022.11912
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=The+Impact+and+Limitations+of+Artificial+Intelligence+in+Cybersecurity%3A+A+Literature+Review&btnG=
https://papers.ssrn.com/sol3/papers.cfm?abstract_id=4323317

(3]
(4]
(5]

(6]
(7]
(8]
(9]

Alina Raheen et al. / IJCSE, 11(6), 61-67, 2024

Vishal Dineshkumar Soni, “Challenges and Solution for Artificial Intelligence in Cybersecurity of the USA,” Social Science Research
Network, pp. 1-17, 2020. [CrossRef] [Google Scholar] [Publisher Link]

Ishag Azhar Mohammed, “Atrtificial Intelligence for Cybersecurity: A Systematic Mapping of Literature,” International Journal of
Innovations in Engineering Research and Technology, vol. 7, no. 9, pp. 172-176, 2020. [Google Scholar] [Publisher Link]

Feng Tao, Muhammad Shoaib Akhtar, and Zhang Jiayuan, “The Future of Artificial Intelligence in Cybersecurity: A Comprehensive
Survey,” EAl Endorsed Transactions on Creative Technologies, vol. 8, no. 28, pp. 1-15, 2021. [CrossRef] [Google Scholar] [Publisher
Link]

Yupeng Hu et al., “Artificial Intelligence Security: Threats and Countermeasures,” ACM Computing Surveys, vol. 55, no. 1, pp. 1-36,
2021. [CrossRef] [Google Scholar] [Publisher Link]

Jian-hua Li, “Cyber Security Meets Artificial Intelligence: A Survey,” Frontiers of Information Technology and Electronic Engineering,
vol. 19, no. 12, pp. 1462-1474, 2018. [CrossRef] [Google Scholar] [Publisher Link]

Roman V. Yampolskiy, Artificial intelligence safety and security, CRC Press, pp. 1-474, 2018. [Online]. Available:
https://www.routledge.com/Artificial-Intelligence-Safety-and-Security/Y ampolskiy/p/book/9780815369820

Hui Wu et al., “Research on Atrtificial Intelligence Enhancing Internet of Things Security: A Survey,” IEEE Access, vol. 8, pp. 153826-
153848, 2020. [CrossRef] [Google Scholar] [Publisher Link]

[10] Arif Ali Mughal, “Artificial Intelligence in Information Security: Exploring the Advantages, Challenges, and Future Directions,”

Journal of Artificial Intelligence and Machine Learning in Management, vol. 2, no. 1, pp. 22-34, 2018. [Google Scholar] [Publisher
Link]

[11] Saad Khan, and Simon Parkinson, “Review into State of the Art of Vulnerability Assessment Using Artificial Intelligence,” Guide to

Vulnerability Analysis for Computer Networks and Systems, pp. 3-32, 2018. [CrossRef] [Google Scholar] [Publisher Link]

[12] Steve Kommrusch, “Atrtificial Intelligence Techniques for Security Vulnerability Prevention,” Arxiv Preprint, 2019. [CrossRef] [Google

Scholar] [Publisher Link]

[13] Roman V. Yampolskiy, and M. S. Spellchecker, “Artificial Intelligence Safety and Cybersecurity: A Timeline of Al Failures,” Arxiv

Preprint, 2016. [CrossRef] [Google Scholar] [Publisher Link]

67


https://dx.doi.org/10.2139/ssrn.3624487
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=Challenges+and+Solution+for+Artificial+Intelligence+in+Cybersecurity+of+the+USA&btnG=
https://papers.ssrn.com/sol3/papers.cfm?abstract_id=3624487
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=Ishaq+Azhar%2C++Mohammed+Artificial+Intelligence+for+Cybersecurity%3A+A+Systematic+Mapping+of+Literature&btnG=
https://repo.ijiert.org/index.php/ijiert/article/view/2797
http://dx.doi.org/10.4108/eai.7-7-2021.170285
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=The+Future+of+Artificial+Intelligence+in+Cybersecurity%3A+A+Comprehensive+Survey&btnG=
https://eudl.eu/doi/10.4108/eai.7-7-2021.170285
https://eudl.eu/doi/10.4108/eai.7-7-2021.170285
https://doi.org/10.1145/3487890
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=Artificial+intelligence+security%3A+Threats+and+countermeasures&btnG=
https://dl.acm.org/doi/10.1145/3487890
https://doi.org/10.1631/FITEE.1800573
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=Cyber+Security+Meets+Artificial+Intelligence%3A+A+Survey&btnG=
https://link.springer.com/article/10.1631/FITEE.1800573
https://www.routledge.com/Artificial-Intelligence-Safety-and-Security/Yampolskiy/p/book/9780815369820
https://doi.org/10.1109/ACCESS.2020.3018170
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=Research+on+Artificial+Intelligence+Enhancing+Internet+of+Things+Security%3A+A+Survey&btnG=
https://ieeexplore.ieee.org/document/9172062
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=Artificial+Intelligence+in+Information+Security%3A+Exploring+the+Advantages%2C+Challenges%2C+and+Future+Directions&btnG=
https://journals.sagescience.org/index.php/jamm/article/view/51
https://journals.sagescience.org/index.php/jamm/article/view/51
https://doi.org/10.1007/978-3-319-92624-7_1
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=Review+into+State+of+the+Art+of+Vulnerability+Assessment+Using+Artificial+Intelligence&btnG=
https://link.springer.com/chapter/10.1007/978-3-319-92624-7_1
https://doi.org/10.48550/arXiv.1912.06796
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=Artificial+Intelligence+Techniques+for+Security+Vulnerability+Prevention&btnG=
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=Artificial+Intelligence+Techniques+for+Security+Vulnerability+Prevention&btnG=
https://arxiv.org/abs/1912.06796
https://doi.org/10.48550/arXiv.1610.07997
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=+Roman+V.+Yampolskiy%2C+and+M.+S.+Spellchecker%2C+Artificial+Intelligence+Safety+and+Cybersecurity%3A+A+Timeline+of+AI+Failures&btnG=
https://arxiv.org/abs/1610.07997

